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Abstract 
Purpose – The purpose of this paper is to explore the relationship between the social media 

obsession, addiction to smart phones, disconnect from real relationships and increasing virtual 

communication. 

Design/ methodology/ approach – A conceptual framework was developed based on extensive 

review of literature and subsequently validating it in context of students. 202 university students 

enrolled in professional courses in private colleges of Delhi NCR were administered to an online 

survey form. For confirming the factors namely addiction to smart phones (Nomo phobia), 

disconnect with real relationships, obsession and virtual communication, a Confirmatory factor 

analysis was performed. Further, their relationships were studied using structural equation 

modeling in AMOS.  

Findings – The outcomes of the study indicate that the proposed framework has a good model fit 

and all the three hypothesized relationships were found to be significant. The study thus establish 

that obsession of social media has significant impact on addiction to smart phones, disconnect 

with real relationship, and virtual communication. 

Originality/ value – Present study is an effort to explore the constant need of today‟s generation 

to feel more connected with their smart phones and disconnected with the real world around 

them. This paper suggest that creating awareness and monitoring the social media usage patterns 

of Gen Y, can enhance their social behavior which is evidently lacking in the youth of today.  
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1. Introduction 
Social Media sites are those virtual spaces which allow social interactions among people without 

the barriers of age, gender, caste, creed, or geographies. Websites such as Facebook, LinkedIn, 

Twitter, Myspace, Instagram, Snapchat, YouTube, Blogs, etc are some examples of that virtual 

communication and interaction space. These advanced integrative technologies are giving rise to 

new dimensions of belongingness that are being reframed by the digital values and principles 

(Benkler, 2006; Burgess, et. al, 2006). This also includes studying how the youth is engaging in 

their daily life through the use of these social networking sites (Bengtsson, 2012; Silverstone, 

2007). Extant Literature is available on the use of social media and its impact on the life of 

young people, especially the millennial and younger generations (Coleman & Price, 2012). 

Mihailidis, P. (2014) assessed the use of social media by college students and stated that a huge 



migration of information consumption and communication behavior happens to social networks. 

News sharing, information about politics, voicing their opinions and supporting social causes 

over these social networking sites are a huge part of their daily activity. However, it was found 

that college students feel that social media has helped them connect better to their friends and 

family. 

 

Apart from providing a huge platform for communicating and sharing one‟s knowledge, 

excessive use of these social networking websites occasions some adverse and detrimental 

psychological effects as well, especially in adolescents for whom these SNS are a very attractive 

and easily accessible means of communication via mobiles phones. According to the Clinical 

reports of the American Academy of Pediatrics, not all websites offer a productive and 

developing environment, especially for the youth or millennial of today‟s world. They are greatly 

exposed to the damaging effects of this virtual world. This generates a great need for the parents 

and guardians of children to recognize these websites and communicate the use of these sites for 

healthier developments of their children (Clinical reports of the American Academy of 

Pediatrics; Oberst, U., et al. 2017).  

  

Other adverse effects that the world of Internet and social media may pose include 

distance from a real relationship. Many researchers argue that constantly being connected 

through social media and other advanced communication technologies lack a level of personal 

connection. As people are increasingly interacting through screens, they may lose the skill to 

relate to others in person (Rosen, 2012; Turkle, 2012). 

 

Unmonitored Internet usage activates abhorrent behaviours and also cultivates serious 

mental and health issues. Ma, et. al, (2011) found in their research on 12 - 18-year-olds that 

higher the number of hours in a week of Internet usage children are more likely to engage in 

offensive, unsocial and aberrant behaviour and less likely to be of helping nature. In fact, it was 

found in a study on high school students that those with objectionable levels of Internet usage 

were more likely to involve in serious fights or carry a weapon (Liu, et. al, 2011). 

 

Social networking sites act as a motor vehicle for enhancing their perceptions about one‟s 

own self. This may also be well evidently visible in their behaviour and connect with others in 

real life. Positive feedbacks on social networking sites that specifically provide a platform to 

build relationships or make friends led to enhancement in the social self -esteem and wellbeing 

of adolescents whereas negative feedbacks led to a decrease in the social self - esteem and 

wellbeing of adolescents (Valkenburg, et. al, 2006).  

 

2. Literature Review 

Researchers have found that the social sites make an impact on the lives of the youth in a society 

a great deal in terms of behavior (www.grin.com). Studies also found that internet users tend to 

spend less time with friends and family (Ranny, 2000). Research also shows that Generation Y 

seems to lose an actual social interaction, had an anxiety and feel frustrated (Busko, 2009). 

Keeping in view the purpose of the study, the researcher has focused on the different components 

of Social Media Usage which are as follows: 

 

 

http://www.grin.com/


2.1 Obsession and Virtual Communication 

 

H1: There is significant relationship between Obsession and Virtual Communication 

 

2.2 Obsession and Disconnect from Real Relationships 

Previous researches talk about the people who are connected too much online have less concern 

for the feelings of the other people and such people are self-absorbed to which we call 

Narcissism (JeanM. Twenge, 2013). Narcissism results into decreased empathy and concern for 

others (JeanM. Twenge, 2013). Adolescents and college students who spend more time online 

disclose more information (Christofides et al., 2009; Christofides et al., 2012),which can distort 

intimate relationships (Lewis and West, 2009).Interpersonal relationships may be susceptible to 

the interface of technology which may lead to interruptions in face to face conversations 

(McDaniel and Coyne, 2016). This was evidenced from the finding of Paul Mihailidis. 2014 ,the 

people who greatly rely on social networks for communication and information have disconnect 

with people and also reports for a persistent lack of perceived value or potential for social 

networks to be more than self-serving social outlets. According to a BBC News report, social 

media sites appear to connect more people and make them updated but at the same time it leads 

to isolation socially. It reduces the frequency of interactions face to face amongst the youths 

because most of their time is spent on these online social platforms. (www.grin.com).  

 

H2: There is significant relationship between Obsession and Disconnect from Real 

Relationships 

 

2.3 Obsession and addiction to smart phones/Nomo-phobia 

The youth and teenagers are the leading and most fanatics to use these social platforms to the 

point that they are constantly on their smart phones whether in class or even in churches and 

temples. (www.grin.com ). It is certainly important to find out the difference between normal 

usage of smart phones and when it becomes addictive usage levels. The obsession of social 

media also be a cause of the FOMO effect, that these youngsters are religiously found to be 

surfing about their smart phones and essentially SNS. However, there are other reasons for which 

college students use smart phones, such as caring for others, communication, bonding relations, 

information, and accessibility and passing time (Park, N., & Lee, H. 2012). The influence of 

social media and social networking sites on the behavior of the students has been explored by 

many research studies which results into social circle declination (Kruat et al. 1998). Phubbing 

behavior has also been reported by many research studies and one of the reasons for phubbing 

behavior is addiction and obsession to social media for one or the other reason. (Varoth 

Chotpitayasunondh & Karen M Douglus, 2016). Like people may have addiction to drugs, in the 

same way people are obsessed with their phones and further, aggression and lack of attention 

have been found to be associated with the internet addiction (Davey & Davey, 2014). Research 

study of Busko, 2009 shows that Generation Y reports for anxiety and feel frustrated. People 

who spend much time on internet may also be aggressive and anti-social. The benefit of the 

social media cannot be ignored but is not beneficial if someone is being obsessed for many hours 

(Jean, M. & Twenge, 2013). 

 

  

H3: There is significant relationship between Obsession and Addiction to Smart Phones 

http://www.grin.com/


 

 

3. Research Methodology 

The research is descriptive nature wherein the relationship between various variables has been 

examined.  

 

3.1 Participants 

213 University students from Delhi NCR enrolled in professional courses were administered to 

an online survey form. Data was collected from the GGSIPU affiliated management institutes of 

Delhi-NCR. Total 15 institutes of GGSIPU were targeted to collect the data and responses of 202 

students were considered for the study. 

 

3.2 Construct Measurement 

The measures for variables Disconnect and Obsession were adapted from previous studies of 

(Badri, M, et al., 2017) and for measuring Addiction, the scales were adapted from the studies of 

(Lee, Y., et al., 2014). Collectively, 19 items were used to measure the constructs where 15 items 

were used to measure the predictors of the study i.e. independent variables and 4 items were used 

to measure Obsession i.e. dependent variable of the study. The responses were recorded using 5-

point Likert Scale within the range of 1- Strongly Disagree to 5- Strongly Agree. Confirmatory 

Factor Analysis using AMOS confirmed the factors namely obsession, addiction to smart 

phones, disconnect with real relationships and virtual communication. The reliability of all the 

variables were checked through Cronbach Alpha and the values for “Addition to Smart Phones” 

was found to be .821, for “Disconnect from real relationships” it was found to be .790, For 

Obsession Cronbach value was found to be .746 and for “Virtual Communication” value was 

found as .641.  

  

 3.3 Data collection and Sampling 

All the management institutes affiliated from GGSIPU were listed and out of which 15 institutes 

were identified as sampling frame for the study. Further, individual respondents (students) were 

selected through Convenience Sampling Technique. The data was collected in the months of 

May - June 2018 where 213 students participated and provided response. Questionnaire with 

blank responses were eliminated and the final sample was considered for 202 students (100 

Males and 102 females) between the age group of 18 - 24 years (Mean = 1.772 and SD = .5622) 

coming from joint and nuclear family types (Mean = 1.614 and SD = .4881). The reliability and 

validity of the scale were calculated using Cronbach‟s alpha (0.846) and face validity 

respectively.  

 

Table 1: Demographic Profiles of the Respondents 

 

Sample characteristics Frequency 

Gender Male 100 

Female 102 

Age in years 18-19 74 

20-24 128 

Working Status Father 155 



of parents Mother 6 

Both 37 

None of them 4 

No. of Siblings 0 19 

1 109 

2 56 

3 9 

4 9 

 
(Source: Research Output) 

 

4. Data Analysis & results 

 

Data collected for the study was analysed using IBM SPSS and AMOS Software. Exploratory 

factor analysis was done to check the reliability of each items associated with the construct. To 

validate the items of EFA, Confirmatory Factor Analysis was performed with the help of 

structural equation modelling. CFA using AMOS confirmed the factors which were named as 

obsession, addiction to smart phones, disconnect with real relationships and virtual 

communication. The in-depth results are described in the following sub- sections:  

4.1 Testing the assumptions of multivariate analysis 

 

There are several assumptions that are to be satisfied to perform SEM (Hair et al., 2010). These 

assumptions include normality, multicollinearity, linearity, adequate sample size, the absence of 

outliers, construct reliability and convergent and discriminant validity. This study considered a 

sample size of 202 respondents which exceeds the threshold of 200 required to implement SEM. 

Analysis for skewness and kurtosis showed that normality was achieved through 

skewnesso±0.56 and kurtosis o±0.55, which is well under the criteria (skewness o±3 and kurtosis 

o±10) (Hair et al., 2010). Homoscedasticity was verified and it is found the data is 

homoscedastic. Multicollinearity was examined through the collinearity statistic, variance 

inflation factor (VIF) using regression analysis. All the factors had VIF 03, i.e. well under the 

stipulated value along with the tolerance values greater than 0.1 as shows in Table 7 (Hair et al., 

2010).  

 

4.2 Exploratory Factor Analysis (EFA) 

Kaiser-Meyer-Olkin (KMO) test is a measure of how suited your data is for factor analysis. The 

test measures sampling adequacy for each variable in the model and for the complete model. The 

lower the proportion, the more suited your data for Factor Analysis. According to Tabachnick 

and Fidell, 2001; if KMO value is greater than 0.6 it is considered adequate. The value of KMO 

data is 0.797, Bartlett‟s Test of Sphericity confirm the pattern of relationship among the 

variables. The value of Bartlett‟s test for our study is found to be significant less than 0.05 which 



means there is relationship between the variables and so the data is suitable for factor analysis. 

Four factors were extracted and their individual factor loadings are presented in Table 2.  

 

Table 2:  Reliability and Factor Analysis Results 

  Component (Factor Loading*)  

Statements Factor 

Name 

1 2 3 4 Alpha 

(α)** 

KMO*

** 
I prefer to be connected with friends 

online than face to face 
Addiction 

to smart 

phones 

(Nomo 

phobia) 

.476 
    

 

 

 

 

 

 

 

.821 

 

 

 

 

 

 

.861 

I often get angry if someone 

interrupts me during my mobile 

phone use 

.815 

I keep myself engaged with phone 

even when talking with others .674 

I get irritated and frustrated if 

someone asks me 2t to use phone .780 

I become upset if someone disturbs 

me while using my phone .663 

I keep on checking my updates very 

frequently when I am with friends .412 

I need space when using social 

media and want 2body to disturb me .541 

I observe adverse effects on my 

friendship with someone because of 

my engagement over phone 

Disconnec

t with real 

relationshi

ps 

 

.610 

   

 

 

 

 

.790 

 

 

 

 

 

.797 
I usually find less time for 

interaction with family 
.768 

Social media usage by me caused a 

problem with my parents .805 

I prefer to spend my time more on 

Social media sites rather than 

spending time with others. 

.667 

I don‟t feel the need of having 

friends 
.411 

The first thing I do in morning is to 

check my phone for any updates 
Obsession 

  

.565 

  

 

.746 

 

 

.671 

I can2t imagine even a day of my 

life without using social media .843 

I find it hard to control myself for .821 



using social media 

I tried to limit time spent on Social 

media many times but I am 

unsuccessful 

.649 

I feel connected with people through 

social networking 
Virtual 

Communi

cation    

.710 
 

 

.641 

 

.644 

I feel comfortable talking with 

people online 
.738 

I feel satisfied with the social 

relationships I have 
.679 

 (Source: Research Output) 

Notes: * Factor loadings greater than 0.5 is acceptable (Hair et al. 1995); ** Alpha values of 70% or higher are considered acceptable (Nunnally, 

1978); ***KMO static value above 0.6 being acceptable (Tabachnick and Fidell, 2001). 

 

4.3 Confirmatory Factor Analysis (CFA) 

To measure the Convergent Validity, Composite reliability (CR) along with average variance 

extracted (AVE) were also calculated and the values obtained for the same were found 

acceptable. The literature suggests that to confirm the convergent validity (correlation among the 

items within a factor), CR>0.70, AVE>0.50, where CR>AVE (Hair et al., 2010). The values for 

CFA are represented in Table No. 
 

Discriminant Validity was measured with the help of the values of AVE, MSV and ASV. The 

values for these were found to be acceptable. The literature suggest to have MSV > AVE, ASV > 

AVE, Square root of AVE greater than inter-construct correlations.  Values for MSV and ASV 

being less than the AVE confirmed that different construct did not correlate with each other 

which are demonstrating discriminant validity (Hair et al., 2010). The below mentioned table 

highlight the values for CFA.  

  

Table 3: Indicators of internal consistency and validity (and factor correlations) for the final 

model 

 

CR AVE MSV ASV VC ASM DRR OBS 

VC 0.696 0..501 0.526 0.282 0.659       

ASM 0.857 0.543 0.637 0.424 0.571 0.684     

DRR 0.798 0.509 0.637 0.387 0.517 0.798 0.670   

OBS 0.795 0.556 0.561 0.273 0.504 0.557 0.506 0.713 

Notes: CR = Composite Reliability; AVE = Average Variance Extracted: MSV = Maximum 

Shared squared variance; ASV = Average Shared squared Variance. 

 

 

4.4 Measurement and structural models 

The hypothesized model was tested using structural equation. According to Hair et al., 2006; 

structural equation modeling estimates interrelated dependent relationship among construct 



which can not be measured in any other multivariate analysis techniques. SEM analyses the 

measurement model and further get validated with structural model (Gerbing and Anderson, 

1998). 

In AMOS chi square is mentioned as CMIN/df.  The better fit is considered when difference 

between expected and observed is smaller. The value which is less than 3 and closer to zero 

shows the better fit (Gatignon, 2010). Accorrding to Ullman, 2001; Schumacker and Lomax, 

2004 the acceptable value of chi square should be between <2 and <5. The first index we refer to 

is CMIN, which is actually the likelihood ratio Chi Square. It is already noted that the CMIN/DF 

value is 1.785. Goodness of fit is supposed to measured and the value of GFI varies between o to 

1 where 0.9 shows the acceptable level of model fit (Baumgartner and Hombur, 1996).   

The discrepancies between the chi-squared value of the proposed model and the chi-squared 

value of the null model are analysed by the normed fit index (NFI) tests (Bentler and Bonett, 

1980). The value of NFI should be between 0 and 1, and if the values is above 0.90 indicate a 

good fit (Hu and Bentler, 1999). NFI (normed fit index) and CFI (comparative fit index), which 

are among those most frequently reported. The NFI is an example of a so called descriptive fit 

index and indicates the proportion of improvement of the overall fit of the model relative to the 

independence model. The value of NFI is .819 (should be >.90) and CFI is .910 (should be >.90).  

so, the values for NFI (0.891) and CFI (0.910) suggest that the model is quite a good fit. 

Sometimes the NNFI is called the Tucker Lewis index (TLI). Tucker-Lewis-Index (TLI) is 

another relative fit index which compares the value of 2 for the model under consideration, with 

a null model. Tucker-Lewis-Index value above 0.90 is acceptable and represents a good fit for 

the model (Hu and Bentler, 1999). Comparative fit index (CFI) mostly compares the model 

under consideration with some alternative, in most cases the null model. CFI value above 0.90 is 

acceptable and represents a good model fit (Hu and Bentler, 1999). (Adjusted) Goodness of Fit 

(AGFI) is the proportion of variance accounted for by the estimated population covariance. 

Analogous to R
2
. AGFI favors parsimony. The value should be AGFI ≥0.90 (Kline. 2005; 

Hooper, et al. 2008). The square-root of the difference between the residuals of the sample 

covariance matrix and the hypothesized model. If items vary in range (i.e. some items are 1-5, 

others 1-7) then RMR is hard to interpret, better to use SRMR. The value is SRMR <0.08 (Kline. 

2005; Hooper, et al. 2008). The root mean square error of approximation (RMSEA) analyses 

discrepancies between the proposed model, with the chosen parameter estimates and the 

covariance matrix for the population. The value for RMSEA varies from 0 to 1, where the 

smaller value of RMSEA indicates a better fit. The value of RMSEA below 0.06 indicates that 

the model is fit (Hu and Bentler, 1999). RMSEA (root mean square error of approximation) 

index is one of a number of measures that evaluate the extent to which a model fails to fit the 

data per degree of freedom, and tends to favor more complex model.  It is considered to indicate 

a bad fit if it is greater than 0.1. It is not on the first screen of fit.  So, the value for RMSEA is 

(.062) which indicates suitability of model. The value of GFI (.885), IFI (.911) and AGFI (.848) 

these all indicates the goodness of fit of the model. 



The below mentioned values indicate the suitability of model fit indices.  

Table 4: Model fit indices 

CFI GFI IFI NFI AGFI RMSEA RMR CMIN/DF 

.910 .885 .911 .819 .848 .062 .083 1.785 

>.90 >.90 >.90 >.90 >.90 <.10 <.10 <3 

 

Fig1: Measurement Model 

 

(Source: Research Output) 



Fig 2: Structural Equation Model 

(Source: Research Output) 

 

Table 5: Correlations 

 VC OBS DRR ASM 

VC Pearson Correlation 1 .565
**

 .650
**

 .605
**

 

Sig. (2-tailed)  .000 .000 .000 

N 202 202 202 202 

OBS Pearson Correlation .565
**

 1 .514
**

 .506
**

 

Sig. (2-tailed) .000  .000 .000 

N 202 202 202 202 

DRR Pearson Correlation .650
**

 .514
**

 1 .880
**

 

Sig. (2-tailed) .000 .000  .000 

N 202 202 202 202 

ASM Pearson Correlation .605
**

 .506
**

 .880
**

 1 

Sig. (2-tailed) .000 .000 .000  

N 202 202 202 202 

**Correlation is significant at the 0.01 level (2-tailed). 

(Source: Research Output) 

 

Correlations were computed among four social media data on behavior for 202 sample.  The 

results suggest that 12 out of 12 correlations were statistically significant and were greater or 

equal to n (202) = +.35, p < .05, two-tailed. The correlations among all variables are significant.  



Correlational analyses were used to examine the relationship between the obsession of smart 

phones and social behaviour of students. 

 

Table 6: Regression Value 

Model Summary 
Hypoth

eses 

Mo

del R 

R 

Squa

re 

Adjuste

d R 

Square 

Std. 

Error 

of the 

Estimat

e 

Change Statistics 

Durbin-

Watson 

 

R 

Square 

Change 

F 

Chan

ge df1 df2 

Sig. F 

Change 

1 
.565

a
 .319 .316 .42564 .319 

93.89

2 
1 200 .000 1.763 

Rejected 

2 
.514

a
 .264 .261 .54702 .264 

71.87

3 
1 200 .000 1.920 

Rejected 

3 
.506

a
 .256 .252 .55198 .256 

68.84

1 
1 200 .000 1.944 

Rejected 

a. Predictors: (Constant), OBS  

1. Dependent Variable: VC,  

2. Dependent Variable: DRR,  

3. Dependent Variable: ASM 

 

 

(Source: Research Output) 

 

Table 7: Test of Multicollinearity Statistics  

Coefficients 

Model 

Unstandardized Coefficients 

Standardize

d 

Coefficients 

T Sig. 

Collinearity 

Statistics 

B Std. Error Beta 

Toleranc

e VIF 

1 

(Constan

t) 

OBS 

1.327 .100  13.222 .000   

.708 .073 .565 9.690 .000 1.000 1.000 

1.140 .129  8.839 .000   

.796 .094 .514 8.478 .000 1.000 1.000 

1.095 .130  8.407 .000   

.786 .095 .506 8.297 .000 1.000 1.000 

a. Dependent Variable: VC 

(Source: Research Output) 



 

The value for multicollinearity which includes VIF and tolerance level is within the range. 

 

Figure 3: SEM Model 

 

 

(Source: Research Output) 

The above Amos model justify it that obsession has significant impact on disconnect with real 

relationship, addiction to smart phones and virtual communication.  

 

5. Discussion and Conclusion 

There are many benefits of social media be it information sharing, social sharing or learning. On 

the other hand, it has been observed that young people are more relied on virtual relationships 

rather than real relationships. This study focuses on social media usage and its effect on 

relationships. The result of the study indicate that obsession has significant impact on disconnect 

with real relationship, addiction to smart phones and virtual communication.  The empirical 

results from the data analysed gives a firm standing to the framework that has been proposed for 

this study. The study shows that OBS has significant impact on addiction to smart phones (H3) 

as indicated by previous researchers in their studies. (Park, N., & Lee, H. 2012). The study 

observed that OBS has significant impact on virtual communication (H1). This is one of the 

variables added by the researcher which has not been explored in the previous studies. As of this 

study is concern it is very much evident that social media obsession leads to college students 

preferring communication and information sharing thorough virtual spaces rather than engaging 



into face to face communications.  Literature suggests that OBS has significant impact on 

disconnect from real relationship (H2) and similar results are found in the present study as well 

(JeanM. Twenge, 2013; Christofides et al., 2009; Christofides et al., 2012; Lewis and West, 

2009; McDaniel and Coyne, 2016; Mihailidis P., 2014). Interestingly, students with higher levels 

of loneliness reported having more Facebook friends. Extraversion, neuroticism, self-esteem and 

narcissism did not have significant associations with Facebook use. It was concluded that 

students who are high in openness use Facebook to connect with others in order to discuss a wide 

range of interests, whereas students who are high in loneliness use the site to compensate for 

their lack of offline relationships (Skues J.S., et al. 2012). The present study contradicts the 

previous study which indicates that uses of social networking are not impacted by personality 

traits. But the current study shows that obsession of social media has significant impact on 

students behaviour in the form of constant addiction of smartphones, loosing interest in real time 

communication and relationship buildings and getting attracted towards social networking site 

for the same.  

6. Managerial Implications and limitations 

Companies can take the advantage of the demographic dividend which can be easily influenced 

and accessed with the help of intensive social media marketing. This paper suggest that creating 

awareness and monitoring the social media usage patterns of Gen Y, can enhance their social 

behavior which is evidently lacking in the youth of today. The study can be useful to understand 

the social media behavior of students pursuing professional courses.  Study can be done with 

other samples also. This includes the students pursuing professional courses. Due to sampling 

choice it cannot be generalized to other kind of samples. The relationships between demographic 

variables and the factors which came out of this study may be examined. the impact of social 

media usage on the social behavior of the students are measured in order to find out the extent to 

which the students are affected by use of social media and how it is affecting the real 

relationships with family and friends.  
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